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Study on Floating Prior Probability M LC Based on Spatial Features

and Local Spatial Autocorrelation

LIU Liang-yun. WANG Jithua ZHAO Chun-jiang SONG Xiaoyuw LI Cun-junn ZHANG Chao

(National Engineering Research Center for Infomation Technology in Agriculture Beijing 100089, China)

Abstract The spatial and spectral infomation in remote sensing data should be exploited to mprove
classification precision Unfortunately the spatial infomation is neglected in most traditional remote sensing
classification methods Considering wo stages probability method of maximum likelihood classification(MLC),

this article proposed a new method of exploiting spatial mfomation to mmprove classification rules by adjusting
the prior probability according to the local spatial infomation The local or global spatial features of typical
ground targets were analyzed and there were four principles proposed to decide the prior probability including
spatial geametrical features local spatial autocorrelation law, contextal know ledge and landscape parameters

An algoritm was designed to exploit the spatial features and prior know ledge to adjust the prior probability of
MLC The experinenial classification was carried out the classification errormatrices and its precision results
showed that the floating prior probability MLC method proposed in this article could integrate ground targets’
spatial know ledge with spectral infomation, and overcome the flaws of traditional pixel-based classification
methods such asminimun distance MLC, and that the classification precision was mproved greatly

Key words maxinun likelihood classification; prior probability; spatial autocorrelation; spatial feature spectum
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Table 1 The statistical parameters of the selected ground targets from TM data
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Fig.5 The classified image of the studied area using
MLC method
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